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Foreword

HM Inspectorate of Probation is committed to reviewing, developing and promoting the
evidence base for high-quality Probation and youth justice services. Academic Insights are
aimed at all those with an interest in the evidence base. We commission leading academics to
present their views on specific topics, assisting with informed debate and aiding understanding
of what helps and what hinders Probation and youth justice services.

This report was kindly produced by Elizabeth McClory-Tiarks, Claire Paterson-Young, Michael
Maher and Michele Sevegnani. It explores the current and potential uses of Artificial
Intelligence (AI) within the Probation Service, highlighting the opportunities presented and the
challenges raised for practice, decision-making, and service delivery. The direction of travel is
clearly one of increasing experimentation, with Al-driven tools having been proposed in the
areas of information retrieval, transcription and summarisation, risk assessment, sentence
planning, resource allocation, compliance monitoring, and early identification of reoffending
risks.

The potential for Al to reduce costs whilst increasing speed and efficiency in the criminal justice
process is attractive in the current environment. More specifically, Al tools provide
opportunities to automate tasks and reduce workload, freeing up practitioners to focus upon
the uniquely human aspects of their role, notably developing good relationships with people on
probation. At the same time, as is set out in this paper, the introduction of Al into probation
raises ethical, legal, and professional challenges. Attention needs to be given to risks and
challenges in relation to (i) bias, discrimination and privacy, (ii) transparency and overreliance,
and (iii) due process and accountability. It is essential that each proposed use of Al is carefully
assessed, avoiding assumptions about the benefits within current working environments and
infrastructures, and also considering the broader risks/benefits, recognising that there can be
implications for other related or linked tasks or processes.

To maximise benefits and minimise risks, the value of developing a bespoke Responsible AI
framework is clearly demonstrated, promoting the ethical, lawful, and accountable use of AI
within probation. Such a framework can provide a mandatory decision-making tool prior to Al
adoption and a learning/review framework that enables adaptation, evaluation, and withdrawal
where harms emerge, providing safeguards and protections for both practitioners and people
on probation.
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Dr Robin Moore
Head of Data Analysis and Research
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1. Introduction

The use of Atrtificial Intelligence (AI) in the criminal justice system has grown substantially in
recent years, with examples of Al found at almost every stage of the criminal process.! This
Academic Insights paper examines the current and potential future adoption of Al in the
Probation Service, considering the benefits that Al can bring, as well as the risks and
challenges presented by its use in this context.

The potential for Al to reduce costs, whilst increasing speed and efficiency in the criminal
justice process is particularly appealing in the current environment — the system has been
described as being ‘in crisis’ (Leveson Review Part 2, 2026). This includes a backlog of criminal
cases (Ministry of Justice, 2026c), the Probation Service experiencing strain, and prisons
becoming increasingly crowded and difficult to manage (HM Inspectorate of Prisons, October
2025; and December 2025). Furthermore, the Probation Service is to be further tested
following the recommendations in the Independent Sentencing Review (2025) and the
implementation of the Sentencing Act 2026 which increases the use of community-based
sentences. It is acknowledged in the Independent Sentencing Review (2025, p.121) that ‘the
Probation Service is likely to be managing an increasing number of high-risk cases in the
community as a result of the Review’s recommendations’.

This paper will consider the risks and benefits of Al tools within this context of significant and
increasing pressures on the Probation Service. In this paper, Al encompasses a range of
distinct technologies, including:

¢ embedding-based semantic retrieval
o statistical prediction models
¢ generative systems (e.g. large language models (LLMs)).

These differ significantly in capability, autonomy, and risk profile, and are distinguished where
relevant. While the paper focuses upon the Probation Service, the risks and benefits can also
be considered in the context of youth justice services (see Youth Justice Board, 2026, for a set
of key principles).

1 See for example this interactive map of Al Tools in the Criminal Justice System in England and Wales developed by
the PROBabLE Futures research team found here: https://probablefutures.github.io/ai-mapping/tools/?cjstages=5.
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2. Al in probation: uses, opportunities, and risks

2.1 Uses of AI in probation

Current use

Within the Probation Service, Al-driven tools have been proposed for use in risk assessment,
sentence planning, resource allocation, compliance monitoring, and early identification of
reoffending risks. The AI Action Plan For Justice (Ministry of Justice, 2025a) was released with
a statement from Lord Timpson:
“we will harness the power of Al to transform the public’s experience, making their
interactions with the justice system simpler, faster, and more tailored to their needs.
This plan focuses on three priorities: strengthening our foundations, embedding Al
across justice services, and investing in the people who will deliver this
transformation...”
These proposed developments align with broader trends towards digitisation, data-driven

decision-making, and performance management in public services (see Academic Insights
2025/03 for a review of responsible and ethical digitisation in probation).

There is currently limited use of AI within the Probation Service, but nDelius is one example
where Al has been integrated and is intended to reduce the administrative workload of
probation staff. NDelius is a browser-based probation case management system that stores
information relating to people on probation, including pre-sentence reports, community orders,
and custodial sentences pre- and post-release. Its primary function is to allow probation
practitioners to access and review case information. As much of the information needed by
practitioners exists in large volumes of unstructured text, the platform has integrated a
LLM-based semantic search function, designed by Mixedbread AI (Ministry of Justice, 2025b).
This tool helps practitioners locate semantically similar case notes based on the user’s search
criteria, even when different wording or misspellings are used. The National Inspection of the
Probation Service (HM Inspectorate of Probation, 2025) further noted a move toward semantic
search and other Al-based information retrieval tools for a similar platform ‘EQuiP’, which
provides policies and practice guidance to over 9,000 users a month.

The perceived reduction in administrative burden has been a central theme of the integration
of AI within the Probation Service. Tools such as Microsoft’s Co-Pilot and OpenAl’'s ChatGPT
Enterprise have been trialled through a pilot programme, supported by training resources and
role-specific guidance to help staff use them effectively (UK Parliament, 2025a; Ministry of
Justice, 2025a). In addition, Justice Transcribe, an in-house Al transcription and meeting
summarisation tool was introduced (UK Parliament, 2025b) and, between 07 October 2025 to
02 June 2026, the system summarised over 800,000 meetings with a reported 50% reduction
in note-taking time (Justice AI Unit, n.d.; Ministry of Justice, 2026a).

The current Offender Assessment System (OASys) does not incorporate Al but is useful to
consider as a contrast with emerging AI systems, highlighting the distinction between
actuarial/statistical tools and contemporary machine learning approaches to decision support.
Initially introduced in 2002, OASys is a risk and needs assessment tool and is used, amongst
other things, to estimate an individual’s likelihood of reoffending (Prison and Probation
Services, 2002). It is a structured actuarial assessment framework, rather than an Al-driven
system, and incorporates statistical scoring components (such as the Offender Group
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Reconviction Scale (OGRS), recently renamed as the All Reoffending Predictor (ARP)) and
draws predictions from national data (Moore, 2015). Weighted scoring is applied after collecting
relevant data, allowing practitioners to evaluate a range of risk factors to produce an
assessment of an individual’s reoffending risk. In 2024, it was noted that as offending patterns
change the tools need revalidation to correct model miscalibrations (Emeagi et al., 2024; Craik
et al., 2024).

Importantly, OASys is scheduled to be replaced during 2026 by Assessing Risks, Needs and
Strengths (ARNS) (Ministry of Justice, 2023). The new system responds in part to pressures
within the Probation Service to reduce workload, alongside policies such as ‘Probation Reset’
which prioritise supervision during the periods where reoffending risk is at its highest (HM
Inspectorate of Probation, 2025). ARNS produces risk assessments, risk management plans,
and pre- and post-sentence plans, drawing on actuarial reoffending data. It also introduces
automated features, such as text message appointment reminders to improve compliance and
tools to streamline the administrative processes to increase efficiency within the Probation
Service. It is believed that ARNS will also provide the digital infrastructure for the further
integration of Al (Ministry of Justice, 2025a).

While Al use within probation services remains limited, the potential for expansion is clearly
well recognised. The Ministry of Justice’s Al Action Plan for Justice (2025a) emphasises
reducing staff workload as a key objective, though its implementation remains modest in scope
and confined to administrative innovations. As the infrastructure develops with the introduction
of ARNS and pressures to reduce workloads continue to be felt, it is likely that further AI and
digital transformation within probation practice will occur. This will be explored further in the
next section, which looks ahead to potential future uses of Al in probation.

Potential future uses

The AI Action Plan for Justice sets out a vision for the possible beneficial uses of Al, including
the following in probation:

e automating routine tasks to enable staff to focus on meaningful interactions
e resource planning

e personalisation of rehabilitation plans

e Al-enabled predictive tools for risk assessments.

In conjunction with this, recommendations from two recent reviews provide some insight into
how AI might be adopted in probation services in the near future. The Independent Sentencing
Review (ISR) (May 2025) and the Leveson Review (Independent Review of the Criminal Courts,
July 2025 and February 2026) both include in their recommendations proposals to use Al to
increase the speed and efficiency with which criminal cases are dealt with. The more specific
recommendations made in the ISR relating to probation cover three areas:

e Firstly, tools aimed at reducing the administrative burden on probation officers —
specifically mentioned is Al-enabled notetaking as a way to enable officers to spend less
time manually taking notes and more time ‘building relationships’. As outlined above,
one such tool — ‘Justice Transcribe’ — has now been rolled out across the Probation
Service (Justice Al Unit, n.d.; Ministry of Justice, 2026a).

e Secondly, it is proposed that Al tools be used to support monitoring and risk analysis of
people on probation, such as using Al-enabled risk and needs assessment tools that can
determine the suitability of an individual for community-based sentences, by analysing
data such as behavioural patterns, compliance history and other factors. The ISR (2025,
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p.136) suggests that this could be combined with facial recognition to track an
individual’s movements in public spaces. This is with a view to these tools enabling
probation officers to detect warning signs, adjust supervision levels and intervene when
needed. This could enable more intense supervision and ‘secure environments outside
prison for offenders’ (ISR, 2025, p.125).

e Thirdly, the ISR proposes use of Al tools to personalise probation services to people’s
differing needs, risk levels and in different situations: ‘mobile-based rehabilitation apps
and tools could be used to enable an offender to connect with the Probation Service
and access information more easily, all in one place on their phone’ (ISR, 2025, p 125).
It is not clear whether this would involve Al, although ‘biometric check-ins’ using facial
biometrics on a mobile phone are discussed; and the ISR recommends consideration of
sensor-based monitoring technologies (e.g. location tracking or device-based
behavioural indicators) and remote check-ins, referencing a pilot scheme in a UK prison
(ISR, 2025, p.138).

More generally, the ISR recommends further collaboration with industry on research and
development of Al tools. One suggestion in the ISR is the development of an Al assistant,
which would fulfil certain functions, such as ‘offering low-risk individuals basic support,
generating personalised rehabilitation plans and analysing compliance data to predict breaches.
... [the tool] could connect people with local services such as housing, employment, education
or mental health support’ (ISR, 2025, p.135). The inspiration for this is drawn from a similar
tool currently being trialled for prison leavers (SherlockAI) and an AI chatbot developed by
academics in the US for supervising people released on parole (University of Cincinnati, 2023).

The Leveson Review does not make any specific recommendations for the use of Al in the
Probation Service but makes recommendations for use of Al in the criminal justice system more
generally, which may have implications for Al adoption in probation, and may also impact the
work of probation services through the way that information at earlier points in the criminal
justice system is processed and used. For example, the Leveson Review recommends that the
police and CPS use Al summarisation tools in the preparation of case files and case summaries,
which could have implications for the amount of information available to a probation
practitioner preparing a pre-sentence report. The Leveson Review also proposes the use of Al
translation tools by police and in courts, which may mean that a probation practitioner at court
would also find themselves reliant on Al translation tools, rather than a human translator, to
communicate with an offender at court.

2.2 Opportunities and possibilities of AI

The main claims made by AI companies and proponents of Al are centred around the use of Al
tools to increase efficiency and reduce costs. These claims are particularly attractive in the
current criminal justice context of scarce resources and the need to increase the speed with
which cases are dealt with to tackle backlogs. The direction of travel is one of increasing
experimentation with, and adoption of, Al tools. To date, there has been particularly notable
experimentation with AI tools in policing, including the use of tools for auto transcription and
summarisation, video footage searches, and live facial recognition (PROBabLE Futures, 2026).

The potential benefits of Al for the Probation Service in particular are considered by the ISR,
which identifies the need to both prioritise resources and prioritise opportunities to build
relationships with people on probation to help with their rehabilitation. AI and other
technological tools are seen as a way to reduce the amount of time that probation practitioners
spend on ‘paperwork and process’ (ISR, 2025, p.121). Similarly, the Leveson Review notes that
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‘tools that automate tasks reduce the administrative burden on staff, therefore increasing their
capacity and accelerating case throughput’ (Leveson Review, 2025). Al tools therefore appear
to offer the opportunity to automate tasks which take probation practitioners away from the
uniquely human aspect of their role, developing good relationships with people on probation
which is important for rehabilitation. Al tools are also proposed as a way to improve the
accuracy of risk assessments and support case management that is more tailored to the
individual (Whitmore, 2025), as outlined in the previous section. This would save practitioners
time, allow for better resource allocation, and would enable probation to meet future demands
on the service.

It is important to note that the potential benefits of Al tools need to be assessed in terms of
how realistic they are in the current context (i.e. of large workloads and limited time and
resources) and whether they can perform as claimed within current working environments and
infrastructures. It may be that an Al tool cannot achieve certain time or efficiency savings in
the current environment, but with additional resources directed to, for example, updating of
systems, an overall benefit can be achieved.

Each proposed use-case also needs careful assessment; assumptions should not be made
about increases in efficiency or other benefits. For example, the assumption that automating
administrative tasks such as note-taking will lead to probation practitioners building better
relationships with people on probation (ISR, 2025). This may be the case, or it may be that
manual notetaking offers practitioners more engagement with those supervised and is part of
the process of building relationships. It also cannot be assumed more generally that the
administrative burden will always be reduced by the introduction of AL. In some cases, it might
increase the administrative burden of the user, where it creates (for example) a need to
carefully check tool outputs (Calder, McClory-Tiarks et al., forthcoming).

It could also be that the administrative burden is decreased for the user, but increased
elsewhere. For example, Hertfordshire Constabulary trialled the use of LLMs to generate
witness statements, which reduced the administrative burden on the police officers taking the
statement, but increased the burden on the Disclosure officer and the CPS, as they had to
disclose all versions of the statements produced by officers using the AI tool (Walley and
Glasspoole-Bird, 2025). This particular example highlights the need to consider the
risks/benefits of introducing an Al tool more broadly, rather than a narrow focus on the
risks/benefits relating to the discrete task it might be introduced to assist with. It should also
be asked what the implications are for other related or linked tasks later in the criminal justice
process. This indicates a need for caution with the agency-specific procurement process
recommended by the Leveson Review: ‘Given the different budgetary pressures, priorities and
operational requirements across the criminal justice system, I again recommend each agency
either develops or procures its own tailored suite of embedded Al tools to ensure relevance and
usability’ (Leveson Review, 2025, p. 199).

2.3 Risks and challenges of using AI

The introduction of Al into probation raises ethical, legal, and professional challenges (Council
of Europe, 2024a; 2024b). Probation operates at the intersection of punishment, rehabilitation,
public protection, and human rights (Canton, 2013), and relies on professional judgement,
relational engagement, and contextual understanding (Canton, 2013; Robinson et al., 2014).
Decisions made by probation practitioners affect liberty, family life, employment, and long-term
social outcomes for individuals under supervision (Canton, 2013). Embedding Al into this
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environment risks reshaping how risk, responsibility, and accountability are understood and
enacted.

This section provides a critical overview of the key risks and challenges associated with
implementing AI within the Probation Service, with particular emphasis on:

e bias, discrimination and privacy
e lack of transparency and overreliance on technology
e due process and accountability.

Bias, discrimination and privacy

There is the potential for biased or inaccurate outputs arising from multiple sources, including
data quality, labelling practices, model design choices, opaque algorithms, and the reproduction
of existing inequalities within the criminal justice system (Babuta, 2017; Babuta and Oswald,
2021; Perry, 2013; Santos, 2017). Individuals under probation supervision already experience
intrusions into their private lives. A risk of Al use in probation is its potential to perpetuate and
amplify existing biases embedded in historical data (Joseph, 2025). AI systems are typically
trained on large datasets derived from past criminal justice decisions, including arrests,
convictions, sentencing outcomes, and compliance records. These datasets reflect longstanding
structural inequalities related to race, gender, class, disability, and geography (Lammy, 2017;
Arowosegbe, 2023). When Al systems learn from biased data, they may reproduce
discriminatory patterns while presenting them as neutral or objective (Joseph, 2025; Council of
Europe, 2024b). Specific examples are as follows:

e Individuals from racialised communities are disproportionately policed, arrested, and
sentenced in the UK. As a result, Al tools trained on these data may systematically
assign higher risk scores to Black and minority ethnic individuals, regardless of actual
behaviour or rehabilitation progress (Howard and Borenstein, 2018). Evidence from
international contexts illustrates these risks, with the COMPAS risk assessment tool used
in the United States being shown to overestimate reoffending risk for Black defendants
and underestimate it for White defendants (Angwin et al., 2022). While the UK
probation system differs structurally, similar tools such as offender assessment systems
and reoffending prediction models face analogous challenges if bias is not explicitly
addressed.

e Potential bias impacts on women as Al systems designed around male-dominated
datasets may fail to account for all differences, leading to inappropriate supervision
levels or interventions (Corston, 2007; Kelani, 2024).

e Socioeconomic bias may further disadvantage individuals from deprived communities,
where higher levels of police contact and enforcement skew risk predictions.

Crucially, Al-driven bias can become self-reinforcing where higher risk classifications lead to
increased surveillance and enforcement, which in turn generate more data confirming
perceived risk. This feedback loop risks embedding discrimination deeper into probation
practice.

There is also the risk of function creep, where data collected for one purpose is repurposed for
others, such as policing or immigration enforcement (Brayne, 2021). This can undermine trust
between individuals and probation practitioners, making engagement and rehabilitation more
difficult (Brayne, 2021). From a legal perspective, extensive data processing engages rights
under the UK General Data Protection Regulation (UK GDPR) and the European Convention on
Human Rights, particularly Article 8 (right to private and family life). Ensuring compliance
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requires robust safeguards, transparency, and clear limits on data use — requirements that may
be difficult to meet when using complex Al systems.

Lack of transparency and over-reliance

Machine learning models, particularly complex ones such as neural networks, often function as
‘black boxes’, meaning that their internal reasoning processes are not readily interpretable,
even by their developers (Burrell, 2016). In probation, transparency is required in explaining
decisions to courts, individuals under supervision, victims, and inspectors. Individuals subject to
probation supervision have the right to understand how decisions affecting their liberty and
privacy are made, and when Al systems produce risk scores or recommendations without clear
explanations, this undermines procedural fairness and trust (Rudin, Wang, and Coker, 2020;
Grimmelikhuijsen, and Meijer, 2022).

The problem is not merely technical but institutional. Commercial Al systems may be protected
by intellectual property rights, preventing full disclosure of how decisions are generated (Popa
and Paterson-Young, 2025). Even internally developed systems have complexities that frontline
staff may be unable to understand. As a result, probation practitioners may be asked to rely on
outputs that they cannot fully explain or challenge but are expected to defend. This lack of
transparency also hampers effective oversight as inspectors, courts, and policymakers can
struggle to evaluate whether Al systems are operating fairly, accurately, and lawfully (Popa and
Paterson-Young, 2025). In a system where legitimacy and public confidence are already fragile,
opaque decision-making risks further erosion of trust (Crewe, 2011).

Another risk is the overreliance on Al-generated outputs at the expense of professional
judgement and critical thinking (Weaver et al., 2026; Council of Europe, 2024b). Probation
work involves nuanced assessments of behaviour, motivation, relationships, and social context
(Canton, 2013; Robinson et al., 2014). While Al can support decision-making, there are risks
that practitioners may defer to algorithmic recommendations (Cobbe 2019; Edwards and Veale
2017; Zerilli et al., 2019). This phenomenon, sometimes referred to as ‘automation bias’, occurs
when users place undue trust in automated systems, assuming they are more accurate or
objective than human judgement (Cobbe 2019; Edwards and Veale 2017; Zerilli et al., 2019;
Young et al., 2021). This risk could be heightened in a context of high workloads and
increasing pressures, leading to inappropriate supervision levels, unsuitable interventions, or
excessive enforcement actions.

Overreliance on Al poses risks in narrowing the scope of probation practice. If risk scores
become the dominant lens through which individuals are viewed, strengths-based and
rehabilitative approaches may be sidelined. The relational and supportive aspects of probation,
widely recognised as central to desistance, risk being overshadowed by technocratic risk
management (McNeill, 2012). Furthermore, practitioners may feel constrained by Al outputs,
particularly in high-risk cases where deviation from algorithmic recommendations could expose
them to organisational or reputational risk.

Due process and accountability

Individuals subject to probation have the right to due process, meaning that they can
understand, challenge, and seek redress for decisions affecting their rights and freedoms
(Gelsthorpe, 2013). When decisions are informed by opaque algorithms, individuals may be
unable to access meaningful explanations or contest the basis of those decisions. Risk scores or
recommendations may be treated as authoritative, even when based on flawed data or
inappropriate assumptions which undermines principles of fairness and equality before the law.
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There are concerns that AI may shift decision-making power away from courts and
practitioners towards technical systems, reducing opportunities for individualised consideration
(Dancy and Zalnieriute, 2025). In probation, where personal circumstances and change over
time are critical, Al systems that are static or inflexible may fail to reflect progress or
desistance. Individuals with limited digital literacy, language barriers, or cognitive impairments
may be particularly disadvantaged in navigating Al systems — exacerbating existing inequalities
(Calder, McClory-Tiarks et al., forthcoming). Although there is evidence that such systems can
help enhance digital literacy (Parra-Valencia and Massey, 2023), the potential role they could
play for individuals supported by probation requires further investigation.

Al does not only affect the rights of individuals under supervision but may also have
implications for due process within probation as a profession. Professional judgement,
reasoning and discretionary decision-making are core components of probation identity and
effectiveness (Canton, 2013; Robinson et al., 2014). Although systems are not yet established
in practice within probation, evidence from other public sector settings suggests that decision-
supporting technologies can influence professional judgment (Selten et al., 2023). When Al
systems produce recommendations that implicitly or explicitly guide practice, practitioners may
feel pressured to conform, even where they believe the output is inappropriate (Cobbe 2019;
Edwards and Veale 2017; Zerilli et al., 2019; Young et al., 2021). Notably, studies have found
that professionals may lack the technical knowledge required to fully understand or critically
scrutinise complex outputs (Eubanks, 2018), which can create tensions between professional
ethics and organisational expectations. Challenging Al outputs may thus require technical
expertise that probation practitioners do not possess, placing them at a disadvantage in
organisational decision-making. This raises questions about procedural fairness within
institutions and the capacity of probation services to retain professional autonomy.

A final challenge concerns accountability. If AI systems cause harm through biased decisions,
errors, or misuse then it can be unclear who is responsible. Responsibility may be diffused
across developers, data providers, policymakers, and frontline users — creating significant
ethical and legal uncertainty. In other words, if a harmful decision is influenced by an Al
system:

e s the practitioner accountable for following it?
e is the organisation responsible for deploying it?
e or does liability lie with the developers who designed the system?

This diffusion of responsibility risks creating accountability gaps where harms are
acknowledged but not adequately addressed. Clear governance frameworks, audit mechanisms,
and lines of responsibility are essential but currently underdeveloped in many Al initiatives.

2.4 Toward a bespoke responsible AI checklist

The use of Al within the criminal justice system is expanding rapidly, with policing leading the
development of governance frameworks to ensure ethical, lawful, and proportionate use. The
National Police Chiefs’ Council (NPCC) Responsible AI Checklist (2025) represents an example
of good practice, offering a structured mechanism for assessing risks, legality, ethics, and
accountability prior to and during Al deployment. It provides a strong and credible model for
ensuring ethical, lawful, and accountable use of Al in policing, while its emphasis on
governance, transparency, human oversight, and continuous review represents sector-leading
good practice within UK criminal justice.
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However, probation differs fundamentally from policing. While policing Al is often oriented
towards intelligence, detection, and operational decision-making, probation Al could directly
shape supervision, rehabilitation and risk escalation with sustained impacts on liberty, family
life, and desistance. As such, probation requires a bespoke responsible Al framework, rather
than direct adoption of policing models. It should adapt the principles and strengths of the
NPCC Responsible AI Checklist (2025) and pay attention to the Council of Europe
recommendation and explanatory memorandum on the use of Al by prison and probation
services (Council of Europe, 2024a; 2024b), while also embedding the principles within HMPPS
governance structures, HM Inspectorate of Probation expectations, and frontline probation
practice. A probation responsible AI checklist should be published for full transparency and
function as a:

e mandatory decision-making tool prior to AI adoption

¢ live governance document throughout the lifecycle of the Al system

e professional safeguard for practitioners

e rights-protective mechanism for individuals under supervision

e learning framework that enables adaptation, evaluation, and withdrawal where harms
emerge.

As outlined earlier, the Leveson Review makes a recommendation that criminal justice agencies
should develop or procure their own Al tools, to ensure they are tailored to the needs and
tasks of each agency. This has implications for the Probation Service in making decisions about
allocation of resources and whether Al tools offer sufficiently significant benefits to warrant
apportioning funds in that direction, rather than another, for example staffing. This agency-
specific approach to procurement of AI may mean that a bespoke responsible AI Checklist for
probation is even more important to support decision-making in this area.

Need for a Responsibl Framework

To maximise benefits and minimise risks, a bespoke Responsible Al framework
ensures the ethical, lawful, and accountable use of Al within probation.

Ethical Safeguards

Ongoing Evaluation
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3. Conclusion

The use of Al in the Probation Service is currently limited to assistance with administrative
tasks, but the expansion of Al beyond this is underway. Government policy and independent
reviews of sentencing and the criminal justice system recommend that AI must be further
incorporated into the criminal justice process, including probation, as part of measures to ease
the burden on the system. In particular, there are recommendations for a move towards using
Al in risk assessment, compliance monitoring, and early identification of reoffending risks.

This paper has considered the benefits which may be achieved in increasing efficiency and
enabling better use of probation practitioners’ time to deal with tasks only a human can do.
These benefits are particularly appealing in the current context of large caseloads and limited
resources. However, the same context which makes Al tools attractive may also undermine the
effectiveness of some tools, if they cannot function as claimed within current working
environments and infrastructures. It is important that the use-case for any proposed Al tool is
considered carefully, to ensure that there is overall benefit in the existing context. This should
extend to consideration of how the integration of a tool in the Probation Service may impact at
other stages of the criminal justice process.

This paper has outlined the risks arising from an increased use of Al, particularly risk
assessments and LLMs, in the Probation Service, detailing concerns about: bias, discrimination
and privacy; lack of transparency and over-reliance on Al; and issues around due process and
accountability. Taking into account these risks, as well as the potential benefits if a proper
assessment is carried out to enable the appropriate integration of Al, this paper recommends a
bespoke responsible Al framework for Probation, which could be adapted from the NPCC
Responsible AI Checklist (2025) and which should then be published. This could help to ensure
the best quality decision-making in a high-stakes environment, maximising benefits and
minimising risks.
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